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Why?

e To streamline the DS/ML pipeline

« Allow users with little data science
expertise to gain insights from data

A better understanding of
AutoML systems’ users
and their diverse needs is
critical In designing
AutoML systems that
make data analysis
accessible to more people.
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User Perceptions

Fast, saves
time

Provides a
baseline/starting
point for
Improvements

Lessens the coding,
understanding data
aspect of data
science

Less DS/ML
experience
required

Different users
require different
explanations to
trust AutoML

Simpler,
explainable
models preferred

Want
flexibility and
customizability

AutoML can be quick and easy
at times but is currently not
transparent or flexible enough
for many users.

How Much Automation?

 Different users want to see different levels of
automation in each step of the process

Most Frequently Preferred Level of Automation

. Full automation

Human directed System suggested, System-
automation Human directed directed
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User Considerations

Expertise e Transparency trade-offs, interface complexity

e Time, cost, accuracy, willingness to learn

Priorities

Goals e Affects software capabilities, product diversity

Future Work

* |nterview domain experts, businesspeople, engineers to
learn their work practices and potential relationships with
AutoML

 User studies with AutoML

 Determining users of commercial AutoML products and
their usages and perceptions of it



